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e Large arrays are hard to monitor panel-by-panel. Binary Full-Pauli readout ~ 96.10% richer readout wins

e Goal: a compact (4-8 qubit) QNN classifier whose feature . . . . PVWatts 5- .
set and readout design preserve the important PV physics Circuit DeSIgn USlIlg AWS Braket class Fr#2+ correlations harder >-class task

running on AWS Braket.
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