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RESEARCH BACKGROUND/DESCRIPTION METHODS EXPERIMENTAL RESULTS
» Brain cancer is the 10" leading cause of death[1]. * Patches of MRI passed through quantum circuit * Highly accurate neural networks (>99%).
* Tumors are detected through MRI. for feature extraction. » Quantum and fusion methods converge faster.
* Prone to human error[2]. * Classical and quantum methods combined to i - with fusi 3 below:
* Computer diagnosis is either slow, inefficient or make fusion images. Best confusion matrix with Tusion shown below:
both. | | * Performance tested on lightweight ML classifiers. Confusion Matrix
* Qukz:mtum Cor‘:\[g]utmg can help in feature * Find the right model that shows quantum 600
€nhancement|s). advantage/supremacy. gom )
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RESEARCH OBJECTIVES/PLAN

* Image processing pipeline for classification. RIS RS R * Quantum can boost efficiency in lightweight ML
* Use quantum circuits for feature extraction. i F

: . ! D — frameworks.
* ML should recognize quantum-extracted features Channel Fusion Ensemble Fusion Statistical Fusion : : Dy
quicker. * Quantum dataset reaching highest validation
* More accurate and/or efficient results. : Single image of meningioma accuracy 1.82x faster than original dataset.
Meningioma taken from Saglt‘tal angle before ° MUCh more pra Ctical fOr Edge-COmpUting mEdical
and after many 1mage pre- imp|ementations.
: processing methods.
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