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RESEARCH BACKGROUND METHODS PRELIMINARY RESULTS

* Quantum Computing has the potential to rapidly * SOL supercomputer PyTorch, Pennylane, Braket Top Half (Given) Model Completion
increase computatlon speed [1] by enabling » MINIST Digit Data Set
parallelism via superposition and entanglement.

* Pre-processed by mapping pixels to 32 centroids

. Prev[ous approaches at generating images with obtained by k-means clustering dataset
hybrid models have proven to be successful . Transformer Architecture

* Quantum Self-Attention computation
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i i Quantum Mixed-State Self-Attention Network Framework [3]
5 5 FURTHER WORK

* Attempt to train models on color image with a
three-channel approach
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