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FAULT DETECTION USING NEURAL NETS Comparison of various classifiers used for fault
classification in PV Arrays. We note that the concrete

- . - . dropout architecture performs best in terms of accuracy due
o Fault Detection: 4 conflguratlons (125’ to an optimized hyperparameter search within the

TOPOLOGY OPTIMIZATION

o Need for Topology reconfiguration: 12P, 4S5-3P, 3S5-4P) to analyze 8 different architecture.
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